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Put Al to work with watsonx
Scale and accelerate the impact of AI with trusted data

Leverage foundation models to automate data
search, discovery, and linking in watsonx.data

\ |

watsonx.ai watsonx.data watsonx.governance

Train, validate, tune, Scale AI workloads, for Accelerate responsible, transparent.
and deploy AI models all your data, anywhere and explainable AI workflows

Leverage governed enterprise data in watsonx.data
to seamlessly train or fine-tune foundation models

Enable fine-tuned models to be managed through market-leading
governance and litecycle management capabilities



watsonx.al

generative Al tools

Prompt Engineering

 Learn and develop

Generative Al skills

« Experience different

models and parameters

 Learn from examples or

experiment with shot
prompting

Chat UI

 Provides an interactive chat
experience with LLMs

« Sample Chat instructions
to achieve good completion

 ChatinaRAG use case

Code Samples

« Sample code generation
and translation

 Sample codes in Curl,

Node.|s, and Python

 Prompt save as a template,

prompt session, or as a
Jupyter Notebook

Prompt/Fine-tuning

« Use labeled data to train
LLMs to support specific
downstream tasks

 Enhance models with
business-specific
knowledge and information

InstructLab

* Allows SMEs to collaborate
and provide expert input
Into an LLM

« Improve the knowledge and
skill levels of the LLM

* Deploy the enhanced LLM to

solve business issues

Synthetic Data

« (enerate data for testing,
developing Al applications

« Generate using a specified
schema and distributions

« (Generate by mimicking an
existing data set

* Privacy and security



watsonx.data

Scale Al workloads,
for all your data,
anywhere

A tit-tor-purpose data
store, based on an open
lakehouse architecture,
supported by querying,
governance and open
data formats to access
and share data
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through a single point
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Get started In
minutes with built-in
governance, security
and automation.

*When comparing published 2023 list prices normalized for VPC hours of IBM watsonx.data to several major cloud data
warehouse vendors. Savings may vary depending on configurations, workloads and vendors.
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watsonx.governance Al ethics and governance

Explainability and interpretability

Explainable Al Is a set of processes and methods that enables human users to interpret, comprehend and
trust the results and output created by algorithms

Fairness and inclusion

Machine learning, inherently a type of statistical discrimination, becomes problematic when It consistently
benefits privileged groups while disadvantaging unprivileged ones.

Robustness and security

Robust AI manages unusual conditions, like abnormal inputs or malicious attacks, without causing
unintended harm.

Accountability and transparency

Organizations need clear responsibilities and governance for Al development, deployment, and outcomes.

Privacy and compliance

It’s essential to protect AI models containing personal information, control the data used, and create flexible
systems that can adapt to evolving regulations and ethical standards in Al




Monitoring ot new LLM Metrics

Evaluate prompt with labeled data
Confirm the task type and upload labeled test data. View ¢ umer

— Users will be able to 'Evaluate’ their Prompt template for LLMs in watsonx.al T
through the Prompt Lab within their Project itself during pre-production, as well
as for continuous monitoring in production

— Users can evaluate their prompts for various metrics for use cases like Text
Summarization, Text Classification, Language Translation, Content generation
and O&A.

— Some of the metrics planned to be supported out-of-the-box for LLMs In
watsonx.al are:

» HAP, PII Detection, Stigma/Social bias, Faithfulness P r———
* Text Summarization metrics — ROUGE, SARI, sacrebleu, BLEURT,
METEOR, SUPER GLUE L T

« Text Classification metrics — Accuracy, Precision, Recall, ROC AUC, F1,
Brier Score, GLUE metrics, Matthew’s Correlation coefficient, Label Skew 2o

* Entity Extraction — Seq Eval

None

 (Content Generation, Q&A Evaluation metrics — BLEU, exact_match

 Other metrics — Sentence similarity: Jaccard & cosine, div_metrics,
flesch



IBM watsonx.al Foundation Model Library

Model variety to cover ditfferent enterprise use cases
and compliance requirements

IBM models

IBM’s suite of foundation models is designed to ensure model trust
and efficiency in business applications. The suite of models features:

@

Transparent pre-training on
IBM’s trusted Data Lake

* One of the largest repositories of
enterprise-relevant training data

« Verified legal and safety reviews
by IBM

« Full, auditable data lineage
available for any IBM Model
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Compute-Optimal Model
Training and Architectures

« Granite
Decoder only transformers

 Granite code model

« Granite multi-lingual model

Efficient domain and
task specialization

Models Coming Soon:

« Finance
« Cybersecurity

« Legal, etc.

Open source models

Experiment with
open source models

IBM and Hugging Face
partnership demonstrates
the shared commitment to
delivering to clients an open
ecosystem approach that
allows them to define the
best models for their
business needs.

OEM partnership L_"E

* OEM partnership with Mistral
brings best in class models (such
as the mixtral-8x7b-instruct-vO1
and the merlinite-7b models.

Bring-your-own-model

« Clients can bring models that they
have been working with to leverage
the capabilities of watsonx.al to
develop and deploy applications



IBM watsonx.al: Synthetic Data Generator
Generate synthetic tabular data to address your data gaps

Create synthetic
data at scale

Unlock your valuable
INsights by using synthetic
data. Create synthetic
data by:

« Using your existing
data in a database or

by uploading a file.

« Designing your own
data schema.

*Evaluation metrics available in O3 2024

Select your model
and privacy needs

Clients can select from
multiple IBM models™
to create their synthetic
tabular data.

When using existing data,
IBM models apply
ditferential privacy to
MIinimize your privacy risk
and give you control over
the level of privacy
protection that is required
for your organization.

IBM watsonx

Projects / Synthetic data generation / Replicate existing customer data

Q. Find palette nodes

Manage data

Mask data

@ Anonymize

Synthesize data

Import
Manage data
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The generative Al stack

watsonx Assistant
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IBM Research’s lab NorthPole AI Chip prototype

A new chip architecture points to faster, more energy-efticient Al
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Neural inference at the frontier of energy, space, and time - https://www.science.org/doli/tull/10.1126/science.adh1174



https://www.science.org/doi/full/10.1126/science.adh1174
https://research.ibm.com/blog/northpole-ibm-ai-chip

Additional resources

IBM articles Industry articles
* The games that helped Al evolve * Technology Modernization Fund (Call for Al
Proposals)
« IBM Watson: The inside story of how the
Jeopardy-winning supercomputer was born, and  NASA and IBM Openly Release Geospatial Al
what it wants to do next Foundation Model for NASA Earth Observation Data
« What is artificial intelligence (AI)? « IBM and KONE - Watson IoT Gives Lift To

Innovation In Smart Buildings

e Meet watsonx

« Foundation Models in watsonx.al

« IBM Granite LLMs



https://tmf.cio.gov/ai/
https://tmf.cio.gov/ai/
https://www.earthdata.nasa.gov/news/impact-ibm-hls-foundation-model
https://www.earthdata.nasa.gov/news/impact-ibm-hls-foundation-model
https://mediacenter.ibm.com/media/IBM+and+KONE+-+Watson+IoT+Gives+Lift+To+Innovation+In+Smart+Buildings/1_pk8871cw
https://mediacenter.ibm.com/media/IBM+and+KONE+-+Watson+IoT+Gives+Lift+To+Innovation+In+Smart+Buildings/1_pk8871cw
https://www.ibm.com/history/early-games
https://www.techrepublic.com/article/ibm-watson-the-inside-story-of-how-the-jeopardy-winning-supercomputer-was-born-and-what-it-wants-to-do-next/
https://www.techrepublic.com/article/ibm-watson-the-inside-story-of-how-the-jeopardy-winning-supercomputer-was-born-and-what-it-wants-to-do-next/
https://www.techrepublic.com/article/ibm-watson-the-inside-story-of-how-the-jeopardy-winning-supercomputer-was-born-and-what-it-wants-to-do-next/
https://www.ibm.com/topics/artificial-intelligence
https://www.ibm.com/watsonx
https://www.ibm.com/products/watsonx-ai/foundation-models
https://www.ibm.com/granite
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